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Crowdsourcing has emerged as a transformative business model, harnessing collective intelligence to 

tackle complex tasks efficiently. However, the impact of crowd-based platforms on workers’ justice 

perceptions is still understudied. This research delves into organizational justice perceptions among 

crowd-based workers, focusing on platform features that influence these perceptions as well as workers’ 

subsequent turnover intentions. Drawing on data collected from 364 workers across multiple platforms, 

findings indicate that equitable compensation policies, participative evaluation, interactive and considerate 

communication, and rule-based evaluation can enhance procedural, distributive, and interactional justice 

perceptions, which in turn, significantly reduce turnover intentions. Moreover, media richness moderates 

part of these relationships, strengthening the mitigating effects of justice perceptions on turnover intentions. 

The study contributes to understanding the dynamics of organizational justice in crowdsourcing contexts 

and provides insights for platform management strategies to enhance worker retention. 
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INTRODUCTION 

 

Crowdsourcing has emerged as a powerful business model over the past couple of decades, 

transforming how companies innovate and solve problems and providing cost-effective solutions (Howe, 

2006; Brabham, 2013). By leveraging collective intelligence and diverse skill sets from a large group of 

individuals and disintegrating large projects into micro-tasks, crowdsourcing has enabled organizations to 

achieve business goals more efficiently than traditional methods (Saxton et al., 2013; Majchrzak & 

Malhotra, 2013). 

The application of crowdsourcing has established crowd-based labor, enabling gig work as an integral 

component of the gig economy, which offers independent workers opportunities to be paid by task or project, 

rather than through traditional employment models (Kuek et al., 2015). Further, for individuals who face 

challenges in securing traditional employment due to personal or non-personal reasons, crowdsourcing 

platforms provide a viable alternative for job opportunities and income generation (Felstiner, 2011). 

 

UNADDRESSED ISSUES AND PLAN OF THE RESEARCH 

 

Despite its benefits, crowd-based labor comes with significant concerns and challenges. Previous 

studies have documented that poorly designed crowdsourcing processes can result in low-quality 

submissions, problematic integration of micro-tasks within a larger project, and misunderstandings about 
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project goals (Kazman & Chen, 2009; Schenk & Guittard, 2011). Furthermore, from a regulatory standpoint, 

the existing legal frameworks in the U.S. have not fully adapted to this relatively new business model 

(Kazman & Chen, 2009). For instance, current laws and regulations often do not account for the unique 

aspects of crowdsourcing, leading to gaps in legal protection for crowd-based workers (Bergvall-Kåreborn 

& Howcroft, 2014) because the ambiguous legal status of crowd-based workers does not fit neatly into 

traditional employee or independent contractor categories. This ambiguity can lead to issues regarding 

worker rights, compensation, benefits, and protections, raising concerns about justice and fairness when it 

comes to managing crowd-based labor (Cherry, 2010). 

When it comes to justice issues, the concept of organizational justice is well-positioned to capture the 

extent to which crowd-based workers are fairly treated. Organizational justice refers to workers’ 

perceptions of fairness in their workplace, encompassing how fairly an organization treats its employees 

across several dimensions (Greenberg, 1987). In the context of crowdsourcing, organizational justice is 

more complex than in traditional work environments due to the tripartite relationship involving the 1) 

platform, 2) requesting clients (i.e., requesters), and 3) workers, adding complexity to justice perceptions. 

To date, most studies in crowdsourcing literature focus on the outcomes of organizational justice, leaving 

the antecedents remain understudied (Brawley & Pury, 2016). Furthermore, in the crowdsourcing context, 

justice perceptions are often mixed. For instance, some workers may feel unfairly treated by the platform, 

while others may perceive injustices, particularly in terms of payment and task allocation, from the 

requester, or platform, or both, making it imperative to explore the factors that impact justice perceptions 

among crowd-based workers and look into justice issues from platform and requester separately. 

To address these gaps and provide a clearer understanding of justice issues in the crowdsourcing context, 

this study specifically captures workers’ justice perceptions about the platform, recognizing that platforms 

face significant challenges (Mickos, 2020; Walsh & Volini, 2017), such as quality and fragmentation of 

work. Meanwhile, focusing on platforms is also meaningful since they are central to job creation and 

provide opportunities for individuals with limited access to the traditional job market (Mickos, 2020). 

Further, due to the tripartite relationship noted earlier as well as the unique dynamics of gig work, turnover 

in the crowdsourcing context differs from traditional working context, including 1) moving from one 

requester to another within the same platform and 2) moving from one platform to another.  

Collectively, by examining factors that impact crowdsourcing workers’ organizational justice 

perceptions and subsequent turnover intentions, the present study aims to contribute to a deeper 

understanding of organizational justice in crowdsourcing and its implications for platform management and 

gig worker retention. 

 

LITERATURE REVIEW 

 

Theoretical Background 

Organizational justice is typically understood through three primary dimensions, including 1) 

distributive justice, 2) procedural justice, and 3) interactional justice. Distributive justice focuses on the 

perceived fairness of outcomes or distributions within the organization, involving the equitable allocation 

of rewards and resources, ensuring that employees feel their contributions are appropriately recognized and 

compensated (Colquitt, 2001), and factors such as pay, promotions, and benefits are central to distributive 

justice (Adams, 1965). Procedural justice pertains to the fairness of the processes and methods used to 

determine outcomes, which emphasize the importance of consistent, unbiased, accurate, and ethical 

procedures, and employees are more likely to accept outcomes if they believe the processes leading to those 

outcomes were fair and transparent (Leventhal, 1980; Thibaut & Walker, 1975). Interactional justice deals 

with the quality of interpersonal treatment employees receive during the implementation of procedures, 

including aspects such as respect, dignity, and the adequacy of explanations provided (Bies & Moag, 1986). 

These dimensions, taken together, collectively influence various job-related outcomes, such as job 

satisfaction, trust in management, and organizational commitment (Colquitt et al., 2001). 
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HYPOTHESIS DEVELOPMENT 

 

Platform Technologies/Features to Organizational Justice 

In the context of crowdsourcing, justice perceptions are particularly crucial because they provide a 

comprehensive framework for understanding fairness in crowdsourcing settings, and participative 

performance evaluation (PPE) would predict procedural justice (PJ) positively. PPE involves employees 

actively engaging in the performance evaluation process, providing feedback, and having a voice in how 

their performance is assessed (Grote, 1996; Bouckenooghe et al., 2007). Research indicates that when 

employees perceive they have a meaningful role in the evaluation process, it enhances their perceptions of 

fairness in procedural justice because participative approaches to performance evaluation are aligned with 

principles of transparency, consistency, and voice in the decision-making process, which are key 

components of procedural justice (Cropanzano et al., 2001; Colquitt, 2001). As noted earlier, procedural 

justice refers to the perceived fairness of the processes used to make decisions, including those related to 

performance evaluation. When employees participate in performance evaluation processes, they are more 

likely to perceive that procedures are fair, unbiased, and considerate of their input, leading to higher levels 

of trust in the organization and greater satisfaction with evaluation outcomes (Folger & Konovsky, 1989; 

DeConinck, 2010). Further, when employees are involved in the evaluation process, they are more likely 

to perceive the procedures as fair because their input and perspectives are considered (Thibaut & Walker, 

1975). This sense of involvement and fairness is crucial for fostering trust in management and 

organizational commitment (Colquitt et al., 2001). Therefore, when it comes to crowd-based work, 

platforms that adopt PPE practices are likely to enhance workers’ perceptions of PJ in a crowd-based 

context. 

 

Hypothesis 1. There is a positive relationship between PPE and PJ among crowd-based workers. 

 

Similar to PPE, there could be a positive relationship between rule-based evaluation (RBE) and 

procedural justice (PJ). RBE refers to performance appraisal systems that emphasize clear, objective criteria 

and standardized procedures in evaluating employee performance (Ford, 1996; Pulakos & Schmitt, 1995). 

Such systems are designed to ensure fairness and transparency in decision-making processes, aligning with 

the principles of procedural justice. Previous studies have suggested that when organizations employ rule-

based approaches to performance evaluation, employees perceive the evaluation process as more consistent, 

predictable, and unbiased (Leventhal, 1980; Greenberg, 2013). This perception enhances their belief that 

procedures are applied fairly and consistently across individuals, leading to higher levels of procedural 

justice perceptions (Cropanzano et al., 2001; Colquitt, 2001). In a crowd-based working environment, 

workers are more likely to accept and trust the outcomes of performance evaluations when RBE is present, 

fostering greater perceptions of PJ. 

 

Hypothesis 2. There is a positive relationship between RBE and PJ among crowd-based workers. 

 

Moving to distributive justice (DJ), equitable compensation policy (ECP) would predict a higher DJ. 

ECP refers to the fairness and equality perceived in the distribution of rewards and benefits among 

employees based on their contributions and performance (Adams, 1963; Leventhal, 1976). When 

organizations implement policies that ensure equitable compensation, employees are more likely to 

perceive the outcomes of reward allocation as fair and just (Folger, 1986; Colquitt, 2001). As noted earlier, 

DJ is a component of organizational justice that focuses on the perceived fairness of outcomes, such as pay, 

benefits, and recognition (Greenberg, 1987). Research indicates that when employees perceive their 

compensation as fair and commensurate with their efforts and contributions, they are more satisfied and 

committed to their organization (Folger & Cropanzano, 1998; DeConinck, 2010). Applying to the crowd-

based working environment, platforms that emphasize equitable compensation policies enhance workers’ 

perceptions of distributive justice, fostering positive attitudes and behaviors crucial for organizational 

effectiveness. 
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Hypothesis 3. There is a positive relationship between ECP and DJ among crowd-based workers. 

 

Regarding interactional justice (IJ), there would be a positive relationship between perceived 

interactivity in real-time conversation (PIRC) and IJ. PIRC refers to the perception of real-time interaction 

and responsiveness in communication channels within organizational settings (Rafaeli & Sudweeks, 1997). 

As discussed earlier, IJ is a facet of organizational justice that focuses on the fairness of interpersonal 

treatment and communication processes during organizational interactions (Bies & Moag, 1986). Research 

suggests that when individuals perceive higher levels of interactivity in real-time conversation, they are 

more likely to perceive the interpersonal treatment they receive as fair and respectful (Rafaeli & Sudweeks, 

1997; Colquitt et al., 2001). This perception of fairness in interpersonal interactions enhances employees’ 

trust in organizational authorities and promotes positive organizational citizenship behaviors (Colquitt et 

al., 2007; Gilliland, 1993). Extending to the crowd-based working environment, platforms that emphasize 

and facilitate real-time interaction and responsiveness are likely to enhance workers’ perceptions of 

interactional justice, contributing to a positive organizational climate and crowd-based workers’ well-being. 

 

Hypothesis 4. There is a positive relationship between PIRC and IJ among crowd-based workers. 

 

Similarly, there would be a positive relationship between perceived interactivity in engagement (PIE) 

and IJ. PIE refers to individuals’ perceptions of interactive and engaging communication processes within 

organizational contexts, which foster a sense of involvement and responsiveness (Rafaeli & Ariel, 2008). 

Research indicates that when employees perceive high levels of engaging interactivity in their interactions, 

they are more likely to perceive these interactions as fair and respectful (Rafaeli & Ariel, 2008; Colquitt et 

al., 2001). This perception of fair treatment enhances trust in organizational authorities and promotes 

positive organizational behaviors (Colquitt et al., 2007). Platforms that prioritize and facilitate engaging 

and interactive communication processes are therefore likely to enhance workers’ perceptions of IJ, 

fostering a supportive organizational climate and enhancing employee well-being. 

 

Hypothesis 5. There is a positive relationship between PIE and IJ among crowd-based workers. 

 

Further, there is a positive relationship between considerate supervisory communication (CSC) and IJ, 

empirical evidence and theoretical foundations provide robust support. CSC refers to supervisors’ behaviors 

that convey respect, concern, and fairness in their interactions with employees (Eisenberger et al., 1986). 

Research suggests that employees perceive interactions as fair and just when supervisors exhibit considerate 

communication behaviors, such as listening attentively, providing clear explanations, and showing empathy 

(Eisenberger et al., 1986; Colquitt et al., 2001). Such behaviors enhance employees’ perceptions of being 

valued and respected, which in turn fosters trust in their supervisors and the organization as a whole 

(Colquitt et al., 2001; Scott & Colquitt, 2007). Therefore, platforms that promote considerate supervisory 

communication are likely to enhance interactional justice perceptions among workers, thereby contributing 

to a positive work environment and improved organizational outcomes. 

 

Hypothesis 6. There is a positive relationship between CSC and IJ among crowd-based workers. 

 

Empirical studies and theoretical underpinnings also support that there is a positive relationship 

between considerate personal feedback (CPF) and interactional justice (IJ). CPF refers to how feedback is 

delivered to employees, emphasizing respect, empathy, and constructive intent (Colquitt et al., 2001). As a 

key dimension of organizational justice, IJ focuses on the fairness perceived in interpersonal interactions 

and communications within the workplace (Bies & Moag, 1986). Research indicates that employees 

perceive interactions as fair and just when feedback is provided considerately, considering the individual’s 

perspectives and developmental needs (Colquitt et al., 2001; Greenberg, 1990). When feedback is delivered 

in a respectful and supportive manner, employees are more likely to view the process as fair and perceive 

their supervisors as trustworthy and caring (Greenberg, 1990; Colquitt et al., 2001). Expanding to the 
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crowd-based working environment, organizations that prioritize considerate personal feedback are likely to 

enhance interactional justice perceptions among workers. 

 

Hypothesis 7. There is a positive relationship between CPF and IJ among crowd-based workers. 

 

Organizational Justice to Turnover Intention 

In the realm of organization justice research, the taxonomy of organizational justice theories (Greenberg, 

1987) provides a comprehensive framework for understanding outcomes of justice perceptions in 

crowdsourcing settings. This taxonomy categorizes theories of organizational justice along two independent 

dimensions: Reactive-Proactive Dimension, with 1) reactive theories focus on how individuals respond to 

unfair treatment, examine the psychological behavioral reactions of employees when they perceive 

injustices in the workplace, and consequences of perceived unfairness, including emotional responses, 

intentions to retaliate, or withdrawal from the organization; while 2) reactive theories are concerned with 

the, whereas proactive theories explore how individuals and organizations strive to create fair environments. 

Moving to the Process-Content Dimension, includes 1) process theories, which focus on the fairness of 

procedures used to determine outcomes; and 2) content theories, which focus on the fairness of the actual 

outcomes or distributions within the organization.  

These two dimensions, taken together, create a 2 by 2 matrix, resulting in four distinct categories of 

organizational justice theories, including 1) Reactive Content, which addresses reactions to unfair outcomes, 

focusing on the consequences of perceived distributive injustices; 2) Proactive Content, which focuses on 

creating fair outcome distributions, emphasizing strategies for equitable resource allocation; 3) Reactive 

Process, which examines reactions to unfair procedures, highlighting the importance of procedural justice; 

and 4) Proactive Process, which explores ways to create fair procedures, stressing the establishment of fair 

processes within organizations. This taxonomy helps to clarify theoretical interrelationships and identify 

areas where further research is needed in the field of organizational justice. Applying the taxonomy of 

organizational justice theories to the crowdsourcing working context, it is evident that workers’ responses 

to justice issues can be explained by reactive content and reactive process because both of them explain 

individuals’ responses to fairness issues. 

Moving to the crowdsourcing context, there would be a negative relationship between procedural 

justice (PJ) and turnover intention (TI). Workers who perceive PJ in their workplaces tend to feel valued 

and respected, believing that decisions affecting them are made fairly and impartially (Colquitt et al., 2001). 

Consequently, when workers perceive higher levels of procedural justice, they are less likely to experience 

negative emotions such as job dissatisfaction or feelings of being unfairly treated, which are significant 

predictors of turnover intention (Liu et al., 2013). Therefore, platforms that prioritize procedural fairness 

are likely to mitigate turnover intentions by fostering positive perceptions of fairness and trust among their 

workers. 

 

Hypothesis 8. There is a negative relationship between PJ and TI among crowd-based workers. 

 

In a similar vein, there could be a negative relationship between distributive justice (DJ) and turnover 

intention (TI). Employees’ perceptions of distributive justice are crucial as they influence their overall 

satisfaction and commitment to the organization (Cropanzano et al., 2007). When workers believe that 

outcomes such as pay, benefits, and rewards are distributed fairly relative to their contributions and those 

of others, they are more likely to experience higher job satisfaction and lower turnover intentions (Cohen-

Charash & Spector, 2001; Cropanzano et al., 2007). Studies also consistently demonstrate that perceptions 

of unfairness in reward distribution are associated with increased turnover intentions due to dissatisfaction 

and a sense of inequity (Cohen-Charash & Spector, 2001; Cropanzano et al., 2007). Therefore, platforms 

that ensure fair and equitable distribution of rewards are likely to reduce workers’ turnover intentions by 

fostering positive perceptions of distributive justice among employees. 
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Hypothesis 9. There is a negative relationship between DJ and TI among crowd-based workers. 

 

Further, there will be a negative relationship between interactional justice (IJ) and turnover intention 

(TI) because it is crucial to consider the impact of how workers perceive the interpersonal treatment they 

receive within the organization. When workers feel that they are treated with dignity, respect, and 

consideration in their workplace interactions, they are more likely to develop positive attitudes toward their 

job and the organization as a whole (Colquitt et al., 2001). Research indicates that higher levels of 

interactional justice are associated with greater job satisfaction and lower turnover intentions among 

employees (Colquitt et al., 2001; Cohen-Charash & Spector, 2001). Conversely, perceptions of unfair or 

disrespectful treatment can lead to dissatisfaction and a desire to leave the organization. Therefore, 

platforms that prioritize and enhance interactional justice are likely to mitigate workers’ turnover intentions 

by fostering positive perceptions of fairness and respect in interpersonal interactions. 

 

Hypothesis 10. There is a negative relationship between IJ and TI among crowd-based workers. 

 

Mediating Role of Organizational Justice 

Organizational justice will impact workers’ attitudes and behaviors. As noted earlier, PPE involves 

employees in decision-making processes, which enhances procedural justice perceptions by providing 

transparency and voice (Cropanzano et al., 2001). Research suggests that higher procedural justice reduces 

turnover intention by fostering trust and fairness in organizational processes (Colquitt et al., 2001). 

Similarly, RBE provides clear guidelines, enhancing procedural justice perceptions, which in turn reduces 

turnover intention by ensuring consistency and transparency (Bies & Shapiro, 1988). Further, ECP 

contributes to distributive justice perceptions by ensuring fair allocation of rewards, thereby reducing 

turnover intention through perceived fairness in resource distribution (Adams, 1963); PIRC and PIE foster 

interactional justice, which reduces turnover intention by promoting respectful and considerate treatment 

(Colquitt et al., 2001; Bies & Moag, 1986); CSC and CPF enhance interactional justice, mitigating turnover 

intention through supportive and respectful interpersonal relationships (Eisenberger et al., 1986; Colquitt 

et al., 2001). Overall, these hypotheses suggest that enhancing organizational justice perceptions can 

effectively reduce turnover intention by promoting fairness, transparency, and respect in organizational 

practices. 

 

Hypothesis 11. There is an indirect effect from PPE to TI through PJ among crowd-based workers. 

 

Hypothesis 12. There is an indirect effect from RBE to TI through PJ among crowd-based workers. 

 

Hypothesis 13. There is an indirect effect from ECP to TI through DJ among crowd-based workers. 

 

Hypothesis 14. There is an indirect effect from PIRC to TI through IJ among crowd-based workers. 

 

Hypothesis 15. There is an indirect effect from PIE to TI through IJ among crowd-based workers. 

 

Hypothesis 16. There is an indirect effect from CSC to TI through IJ among crowd-based workers. 

 

Hypothesis 17. There is an indirect effect from CPF to TI through IJ among crowd-based workers. 

 

Moderating Role of Media Richness 

Media Richness (MR) could moderate the relationship between Procedural Justice (PJ) and Turnover 

Intention (TI). It is crucial to understand the role of communication richness in organizational contexts. 

Media richness theory posits that communication effectiveness depends on the richness of the medium used, 

with richer media facilitating more thorough information processing and understanding (Daft & Lengel, 

1986). Research suggests that when communication channels are rich (e.g., face-to-face meetings, video 
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conferencing), employees may perceive procedural justice more positively due to enhanced information 

clarity and interpersonal interaction (Cabello-Medina et al., 2011). This increased clarity and interaction 

can strengthen the negative relationship between procedural justice and turnover intention by fostering 

greater trust in organizational procedures and decisions (Cropanzano et al., 2001). Conversely, when 

communication channels are less rich (e.g., emails, memos), the clarity and depth of procedural justice 

communication may be reduced, potentially weakening its impact on turnover intention. Therefore, higher 

levels of media richness are likely to amplify the beneficial effects of procedural justice on reducing 

turnover intention through enhanced communication and interaction clarity in the crowd-based working 

environment. 

Similarly, Media Richness (MR) could also moderate the relationship between Distributive Justice (DJ) 

and Turnover Intention (TI). It is essential to consider how communication richness influences employees’ 

perceptions and behaviors within organizations. When communication channels are rich (e.g., face-to-face 

meetings, video conferencing), employees may receive more detailed explanations about reward decisions, 

leading to a clearer understanding and acceptance of outcomes (Greenberg, 1993). This enhanced clarity 

and interaction can strengthen the negative relationship between distributive justice and turnover intention 

by fostering greater trust in the fairness of reward distributions (Cohen-Charash & Spector, 2001). 

Conversely, in contexts with less rich communication channels (e.g., written memos, and emails), the depth 

and clarity of distributive justice communications may diminish, potentially weakening its impact on 

turnover intention. Therefore, higher levels of media richness are likely to amplify the beneficial effects of 

distributive justice on reducing turnover intention through enhanced communication clarity and 

interpersonal interaction in the crowd-based working environment. 

Further, Media Richness (MR) could also moderate the relationship between Interactional Justice (IJ) 

and Turnover Intention (TI). High levels of interactional justice are associated with positive employee 

perceptions, as they reflect respectful and dignified treatment by supervisors and colleagues (Colquitt et al., 

2001). When communication channels are rich (e.g., face-to-face interactions, video conferencing), 

employees experience more personal and detailed exchanges that enhance their sense of fairness and respect 

in interpersonal interactions. This heightened clarity and immediacy of communication can strengthen the 

negative relationship between interactional justice and turnover intention by fostering stronger emotional 

connections and trust in organizational relationships (Tyler & Blader, 2003). Conversely, in environments 

with lower media richness (e.g., written communication, and emails), the depth and personal connection 

inherent in interactional justice may be diluted, potentially weakening its impact on turnover intention. 

Therefore, higher levels of media richness are likely to amplify the beneficial effects of interactional justice 

on reducing turnover intention through enhanced interpersonal communication and relationship quality in 

the crowd-based working environment. 

 

Hypothesis 18. MR moderates the relationship between PJ and TI, such that the negative relationship will 

be strengthened when MR is at a higher level. 

 

Hypothesis 19. MR moderates the relationship between DJ and TI, such that the negative relationship will 

be strengthened when MR is at a higher level. 

 

Hypothesis 20. MR moderates the relationship between IJ and TI, such that the negative relationship will 

be strengthened when MR is at a higher level. 
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FIGURE 1 

CONCEPTUAL MODEL 

 
ECP: Equitable Compensation Policy. PPE: Participative Performance Evaluation. MR: Media Richness. PIRC: 

Perceived Interactivity - Real-time Conversation. PIE: Perceived Interactivity – Engaging. CSC: Considerate 

Supervisory Communication. CPF: Considerate Personal Feedback. RBE: Rule-Based Evaluation. PJ: Procedural 

Justice. DJ: Distributive Justice. IJ: Interactional Justice. TI: Turnover Intention. 

 

METHODS AND PROCEDURES 

 

Samples and Procedures 

Data was collected from multiple online crowdsourcing platforms. Online panels have been widely 

used in social management and organization-related research in the past decade (Landers & Behrend 2015; 

Porter et al. 2019) because of their increased validity (Cheung et al. 2017) and quality (Landers & Behrend 

2015). Online panels can also provide opportunities to match the scientific community with study 

participants - registered users comprising diverse working people around the world (Palan & Schitter 2018; 

Song & Whitman, 2024). Additionally, Daniel et al. (2023) Porter et al. (2019) and posited that using online-

based panels as a source of data collection is appropriate because subjects from online panels have an 

adequate level of capabilities to provide valid data. To ensure data quality, applying quality maintenance 

practices in online panel data collection (e.g., Lovett et al. 2018), two inclusion criteria were applied. First, 

only full-time and part-time crowdsourcing working individuals were allowed to participate in the study, 

and people who worked on online survey jobs only (e.g., professional survey takers) were ineligible. 

Second, participants had to understand English before being recruited as participants. Additionally, since it 

is possible for crowd-based workers to work on more than one crowdsourcing platform, I request all 

participants to report all variables based on their primary crowdsourcing job – the one that takes the highest 

percentage of time to work. 

A longitudinal data collection approach was applied by administering three surveys, such that the 

survey at Time 1 (T1) was delivered in the first week, the survey at Time 2 (T2) was delivered in the third 

week, and the survey at Time 3 (T3) was delivered in the fifth week. Using a longitudinal data collection 

approach can reflect the temporal order of the model, and the two-week interval aligns with the study design 

practice recommended by Podsakoff, MacKenzie, and Podsakoff (2012) to prevent common method bias. 

Following the practice of statistical power-based analysis (Browner et al. 2022; Chow et al. 2017) 

suggesting that the sample size needs to be higher than 126 to detect possible significant effect sizes, we 
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distributed surveys to 450 crowdsourcing workers online. After deleting responses that were incomplete 

and/or failed the attention checks, a total of 397 Prolific workers provided legitimate responses at T1 

(88.22% of the initial sample). Of these 397 subjects who completed the T1 survey, 380 (95.71% of T1 

respondents) finished the T2 survey, and 364 (95.78% of T2 respondents) finished the T3 survey. This 

sample comprised 65.66% of females. Detailed demographic information can be found in Table 1. The 

remaining analyses are based on the 364 participants who completed all three waves of surveys. 

 

Study 1: Measures 

Equitable Compensation Policy (ECP) 

This variable was measured using a 3-item scale adapted from Martin & Peterson (1987). A sample 

item is “My pay is fair compared to the pay of other people doing the same kind of work on the platform.” 

This variable was measured in the T1 survey. A high score on this measure indicates a more equitable 

compensation policy from the worker’s perspective. 

 

Participative Performance Evaluation (PPE) 

This variable was measured at T1 using a 6-item scale adapted from Greenberg (1986). A sample item 

is “The platform solicits input before performance evaluation and use of performance evaluation.” A high 

score on this measure indicates a higher level of participative performance evaluation from the worker’s 

perspective. 

 

Media Richness (MR) 

This variable was measured by asking participants to report the highest level of media richness available 

in the platform they primarily work on, from a continuum ranging from 1-website information to 2-in-app 

message, 3-text message, 4-email, 5-phone call, 6-video call, and 7-face-to-face meeting. A high score on 

this measure indicates a higher level of media richness. 

 

Perceived Interactivity in Real-Time Conversation (PIRC) 

This variable was measured at T1 using a 7-item scale adapted from McMillan & Hwang (2002). A 

sample item is “The communication system on the platform enables concurrent communication.” A high 

score on this measure indicates a higher level of real-time interaction in workers’ perceptions. 

 

Perceived Interactivity – Engaging (PIE) 

This variable was measured at T1 using an 8-item scale adapted from McMillan & Hwang (2002). A 

sample item is “The communication system on the platform keeps my attention.” A high score on this 

measure indicates more engaging communication perceived by workers. 

 

Considerate Supervisory Communication (CSC) 

This variable was measured at T1 using a 5-item scale adapted from Downs & Hazen (1977). A sample 

item is “The platform listens and pays attention to me.” A high score on this measure indicates more 

considerate communication between the platform and the worker. 

 

Considerate Personal Feedback (CPF) 

This variable was measured at T1 using a 5-item scale adapted from Downs & Hazen (1977). A sample 

item is “I am provided information about how I am being judged.” A high score on this measure indicates 

more personalized feedback workers received. 

 

Rule-Based Evaluation (RBE) 

This variable was measured at T1 using a 4-item scale developed by the author. A sample item is “The 

evaluation of task performance is based on universally accepted criteria or rules.” A high score on this 

measure indicates that the evaluation is more inclined to universally accepted standards instead of 

idiosyncratic rules when it comes to performance evaluation. 



72 Journal of Applied Business and Economics Vol. 26(5) 2024 

Procedural Justice (PJ) 

This variable was measured at T2 using a 7-item scale adapted from Saks (2006). A sample item is 

“The evaluation of task performance is based on accurate information.” A high score on this measure 

indicates a higher level of perceived procedural justice. 

 

Distributive Justice (DJ) 

This variable was measured at T2 using a 5-item scale adapted from Saks (2006). A sample item is 

“The compensation reflects the effort I have put into my work.” A high score on this measure indicates a 

higher level of perceived distributive justice. 

 

Interactional Justice (IJ) 

This variable was measured at T2 using a 4-item scale adapted from Saks (2006). A sample item is “I 

am always treated with courtesy and respect.” A high score on this measure indicates a higher level of 

perceived interactional justice. 

 

Turnover Intention (TI) 

This variable was measured at T3 using a 3-item scale adapted from Cropanzano and James (1990). A 

sample item is “How likely is it that you will look for a job outside of this platform next year?” 

 

Control Variables 

Following the practice of control variable selection (Spector & Brannick 2011), control variables were 

selected based on the conceptual and theoretical interests of the study on crowdsourcing, including 

participants’ age, gender, employment status outside the crowd-based job, and years of current 

crowdsourcing job. 

 

Results 

Descriptive Statistics and Correlations 

Table 1 indicates the mean, standard deviation (SD), correlation coefficients, and reliability alpha. As 

indicated in Table 1, the reliability alpha of all measurement scales was between 0.82 and 0.93, indicating 

a good level of reliability (Cronbach and Meehl 1955; Tavakol and Dennick 2011). Results also show that 

ECP, PPE, PIRC, PIE, CSC, CPF, and RBE were positively related to three types of organizational justice 

(i.e., PJ, DJ, and IJ), suggesting that features and technologies offered by platforms facilitate higher levels 

of justice perceptions. Meanwhile, PJ, DJ, and IJ are negatively related to TI, suggesting that a higher level 

of justice perceptions will drive down the intention of turnover. I also conducted a multicollinearity test of 

control variables. The results indicate that the variance inflation factor (VIF) coefficients of control 

variables are between 1.52 and 2.60, which are below the cutoff value suggested by Craney & Surles (2002) 

and Thompson et al. (2017).
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Test of the Measurement Model 

To assess the adequacy of the measurement model, we conducted a confirmatory factor analysis (CFA) 

by using Mplus 8 (Muthén and Muthén 2017). Twelve latent factors were specified to represent ECP, PPE, 

PIRC, PIE, CSC, CPF, RBE, PJ, DJ, IJ, and TO. The 11-factor model indicated good loading coefficients, 

with the loading ranging from 0.47 to 0.85 (Kline 2012). We further compared the 11-factor model with 

the 9-, 7-, 5-, 3-, and 1-factor models based on the CFA model comparison practice recommended by 

Cheung and Rensvold (2002). The model comparison results from Table 2 indicate that the 10-factor model 

has the best model fit based on the statistical results, such as Chi-square, RMSEA, TLI, CFI, and SRMR. 

In comparison, as shown in Table 2, the 9-, 7-, 5-, 3-, and 1-factor models indicated a significant model fit 

reduction, when compared with the 11-factor model (Hu & Bentler 1999).  

 

TABLE 2 

CFA MODEL FIT COMPARISON 

 
Model N χ2 df χ2/df RMSE

A 

TLI CFI SRMR Model Fit 

Difference  

The 11-Factor Model 364 2009.29 979 2.05 0.05 0.86 0.87 0.06  

The 9-Factor Model 364 2391.87 998 2.40 0.06 0.81 0.83 0.07 Δχ2=382.58, Δdf=19 

The 7-Factor Model 364 2891.38 1013 2.85 0.07 0.75 0.77 0.07 Δχ2=499.51, Δdf=15 

The 5-Factor Model 364 3046.75 1024 2.98 0.07 0.74 0.75 0.07 Δχ2=155.37, Δdf=11 

The 3-Factor Model 364 3248.23 1031 3.15 0.08 0.71 0.73 0.07 Δχ2=201.48, Δdf=7 

The 1-Factor Model 364 3619.27 1034 3.50 0.08 0.67 0.68 0.07 Δχ2=371.04, Δdf=3 

Notes: N: Sample size; χ2: Chi-square; df: Degree of freedom; p: p-value; RMSEA: Root mean square error of 

approximation; TLI: Tucker-Lewis Index; CFI: Comparative fit index; SRMR: Standardized root mean square residual; 

Δdf: change in the degree of freedom; Δχ2: change in Chi-square. 

 

Test of Common Method Variance 

To detect common method variance, we used the unmeasured latent method construct (ULMC) 

approach suggested by Williams & McGonagle (2016). The ULMC accounted for an average of 32.41% of 

the variance in the substantive indicators, which is below the cut-off of 70% suggested by Fuller et al. 

(2016). Further, we conducted Harman’s single-factor test (Aguirre-Urreta and Hu 2019), which indicates 

that the single factor accounted for 48.57% of the variance among indicators. This result is below the 50% 

cutoff percentage suggested by Podsakoff et al. (2003). Taken together, there is not a substantial presence 

of common method bias in the study. 

 

Hypothesis Test 

Path Analysis  

We employed path analysis to test the effects of ECP, PPE, PIRC, PIE, CSC, CPF, and RBE on PJ, DJ, 

and IJ, and from PJ, DJ, and IJ to TI. These effects correspond to Hypotheses 1 to 10. As shown in Table 

3, there is a significant positive relationship between PPE and PJ (b=0.393, p<0.01), RBE and PJ (b=0.263, 

p<0.01), ECP and DJ (b=0.497, p<0.01), PIRC and IJ (b=0.154, p<0.01), PIE and IJ (b=0.189, p<0.01), 

CSC and IJ (b=0.288, p<0.01), CPF and IJ (b=0.209, p<0.01), DJ and TI (b=-0.143, p<0.05) and IJ and TI 

(b=-0.350, p<0.01). Therefore, Hypotheses 1-7, 9, and 10 were supported. 
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TABLE 3  

PATH ANALYSIS RESULTS 

 

 DV: PJ DV: DJ DV: IJ DV: TI 

 b SE b SE b SE b SE 

PPE 0.393** 0.045       

RBE 0.263** 0.047       

ECP   0.497** 0.039     

PIRC     0.154** 0.050   

PIE     0.189** 0.049   

CSC     0.288** 0.057   

CPF     0.209** 0.053   

PJ       -0.057 0.066 

DJ       -0.143* 0.061 

IJ       -0.350** 0.057 

R2 0.312 0.247 0.495 0.202 

Notes: **p < .01, *p < .05, 

SE: Standard Error. ECP: Equitable Compensation Policy. PPE: Participative Performance Evaluation. MR: Media 

Richness. PIRC: Perceived Interactivity - Real-time Conversation. PIE: Perceived Interactivity – Engaging. CSC: 

Considerate Supervisory Communication. CPF: Considerate Personal Feedback. RBE: Rule-Based Evaluation. PJ: 

Procedural Justice. DJ: Distributive Justice. IJ: Interactional Justice. TI: Turnover Intention. R2: R-Square. 

 

Mediation Test  

Moving to the indirect effect, Hypothesis 11 to 17 posits mediations from crowdsourcing features (ECP, 

PPE, PIRC, PIE, CSC, CPF, and RBE) to TI, through PJ, DJ, and IJ. The results indicate significant 

mediations, including PIRC-IJ-TI (b=-0.054*, p<0.05), PIE-IJ-TI (b=-0.066**, p<0.01), CSC-IJ-TI (b=-

0.101**, p<0.01), and CPF-IJ-TI (b=-0.073**, p<0.01), suggesting that Hypotheses 14, 15, 16, and 17 were 

supported.  

 

TABLE 4  

MEDIATION TEST RESULTS 

 

Mediation Path b SE CI (95%) 

PPE-PJ-TI -0.022 0.029 (-0.086, 0.029) 

RBE-PJ-TI -0.015 0.019 (-0.056, 0.021) 

ECP-DJ-TI -0.071 0.038 (-0.149, 0.002) 

PIRC-IJ-TI -0.054* 0.023 (-0.105, -0.013) 

PIE-IJ-TI -0.066** 0.023 (-0.114, -0.024) 

CSC-IJ-TI -0.101** 0.031 (-0.166, -0.045) 

CPF-IJ-TI -0.073** 0.027 (-0.130, -0.024) 

Notes: *p < .05, **p < .01. 

SE: Standard Error. CI: Confidence Interval. ECP: Equitable Compensation Policy. PPE: Participative Performance 

Evaluation. MR: Media Richness. PIRC: Perceived Interactivity - Real-time Conversation. PIE: Perceived 

Interactivity – Engaging. CSC: Considerate Supervisory Communication. CPF: Considerate Personal Feedback. RBE: 

Rule-Based Evaluation. PJ: Procedural Justice. DJ: Distributive Justice. IJ: Interactional Justice. TI: Turnover 

Intention. 
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Moderation Tests 

The moderating effects of MR were tested by employing path analysis and Dawson’s (2014) slope tests. 

A moderation model was specified to test MR’s moderation effect on PJ-IM, DJ-IM, and IJ-IM. Results 

from the moderation model indicated that MR significantly moderates the relationship between PJ and IM 

(b=0.531, p<0.05), such that the relationship between PJ and IM will become more positive and stronger 

when an MR becomes higher. This result supports Hypothesis 18.  

 

TABLE 5 

MODERATION TEST RESULTS 

 

 DV: PJ DV: DJ DV: IJ DV: TI 

 b SE b SE b SE b SE 

PPE 0.393** 0.045       

RBE 0.263** 0.047       

ECP   0.497** 0.039     

PIRC     0.154** 0.050   

PIE     0.189** 0.049   

CSC     0.288** 0.057   

CPF     0.209** 0.053   

PJ       -0.202 0.143 

DJ       -0.206 0.153 

IJ       -0.323* 0.161 

MR       -0.362 0.243 

PJ*MR       -0.531* 0.266 

DJ*MR       -0.150 0.266 

IJ*MR       -0.005 0.285 

R2 0.312 0.247 0.495 0.298 

Notes: **p < .01, *p < .05. 

SE: Standard Error. ECP: Equitable Compensation Policy. PPE: Participative Performance Evaluation. MR: Media 

Richness. PIRC: Perceived Interactivity - Real-time Conversation. PIE: Perceived Interactivity – Engaging. CSC: 

Considerate Supervisory Communication. CPF: Considerate Personal Feedback. RBE: Rule-Based Evaluation. PJ: 

Procedural Justice. DJ: Distributive Justice. IJ: Interactional Justice. TI: Turnover Intention. R2: R-Square. 

 

Supplementary Analyses  

As suggested by Antonakis et al. (2014), when it comes to non-experimental studies, the magnitude of 

the true relationship could be undermined by the endogeneity issue in such a way that a causal relationship 

between two variables (e.g., A and B) could be spurious if there is the third variable that causes both A and 

B. To address possible endogeneity issues, I conducted the Two-Stage Least Squares (2SLS) analysis 

suggested by Antonakis et al. (2014) to test the effect of ECP, PPE, PIRC, PIE, CSC, CPF, RBE on PJ, DJ, 

and IJ. Specifically, I used workers’ years of crowdsourcing work as the instrument variable, because this 

variable is not necessarily related to the PJ, DJ, and IJ. The result indicates that the instrument variable has 

a significant effect on PPE, PIRC, CSC, and CPF (57.14% of the predictors), and PPE, ECP, PIRC, CSC, 

and CPF (71.43% of the predictors) have a significant effect on PJ, DJ, and IJ, which is an acceptable 

indication that endogeneity is not an issue in this study. Further, I tested whether MR moderates the indirect 

effect reported in Table 4. However, MR’s moderation effect was not found. Table 6 provides a summary 

of hypotheses that are supported based on the study results. 
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TABLE 6  

SUMMARY OF SUPPORTED HYPOTHESES 

 

 Type Supported 

Hypothesis 1 Direct Effect Yes 

Hypothesis 2 Direct Effect Yes 

Hypothesis 3 Direct Effect Yes 

Hypothesis 4 Direct Effect Yes 

Hypothesis 5 Direct Effect Yes 

Hypothesis 6 Direct Effect Yes 

Hypothesis 7 Direct Effect Yes 

Hypothesis 8 Direct Effect No 

Hypothesis 9 Direct Effect Yes 

Hypothesis 10 Direct Effect Yes 

Hypothesis 11 Mediation No 

Hypothesis 12 Mediation No 

Hypothesis 13 Mediation No 

Hypothesis 14 Mediation Yes 

Hypothesis 15 Mediation Yes 

Hypothesis 16 Mediation Yes 

Hypothesis 17 Mediation Yes 

Hypothesis 18 Moderation Yes 

Hypothesis 19 Moderation No 

Hypothesis 20 Moderation No 

 

DISCUSSION 

 

Crowdsourcing has revolutionized business operations by harnessing collective intelligence and 

distributed labor, transforming traditional methods of innovation and problem-solving (Howe, 2006; 

Brabham, 2013). This study contributes to the understanding of organizational justice within the context of 

crowdsourcing platforms, exploring how perceptions of fairness influence turnover intentions among 

crowd-based workers. 

 

Theoretical Implications 

Organizational justice, encompassing procedural, distributive, and interactional fairness perceptions, 

plays a crucial role in shaping the work experiences of crowd-based workers (Greenberg, 1987). Our 

findings underscore that equitable compensation policies, participative performance evaluation processes, 

and effective communication channels significantly enhance workers’ perceptions of procedural and 

interactional justice. These factors not only mitigate turnover intentions but also foster a sense of trust and 

fairness in platform operations. 

 

Practical Implications 

Platform managers must prioritize fair treatment practices to sustain a motivated and committed 

workforce. Our results suggest that platforms should adopt transparent and participatory evaluation systems, 

ensure equitable compensation practices, and facilitate effective communication channels to enhance 

worker satisfaction and reduce turnover intentions. These practices not only align with organizational 

justice principles but also contribute to the platform’s reputation and long-term viability. 

Further, challenges such as regulatory ambiguities and varying task quality persist in crowdsourcing 

environments (Kazman & Chen, 2009). Future research should delve deeper into the regulatory frameworks 

that govern crowd-based labor, advocating for clearer guidelines that protect both workers and platforms. 
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Moreover, continuous improvements in task design and quality assurance mechanisms are essential to 

maintain high standards and mitigate discrepancies in task outcomes. 

 

Limitations and Future Directions 

This study acknowledges several limitations, including the use of self-reported data and the focus on 

specific crowdsourcing platforms. Future research could employ mixed-method approaches to validate 

findings and explore nuanced experiences across different types of crowdsourcing tasks and platforms. 

Additionally, longitudinal studies could track changes in organizational justice perceptions over time, 

offering insights into the dynamic nature of worker-platform relationships. 

 

CONCLUSION 

 

In conclusion, this research underscores the critical role of organizational justice in shaping crowd-

based work experiences and turnover intentions. By understanding and addressing justice perceptions, 

platforms can foster a supportive work environment that enhances worker satisfaction and retention. 

Moving forward, integrating fairness principles into platform policies and practices remains imperative for 

sustaining a resilient and productive crowd-based workforce. 
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